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#encoding=utf8
import os

import pandas as pd

if _ name__ == "_ _main__"
path = os.getcwd() + '/exldatal.txt'
#F]H pandas T AZHE data, FEEEHE BN a4 8 Population' Fl'Profit’
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print(data.shape)
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X: —oHdEHFE, Bl Population 4
y: BEEdE, Bl Profit ##f;
theta: FEAYZAY,

cost: 2K BRI HUE

#tencoding=utf8

import numpy as np
def computeCost(X, y, theta):
#5401 2K BRSO B R A

#********* begin *********#
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return cost
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R LL EAR, 'S FE 35k 8 8L gradientDescent (X, y, theta, alpha, iters) ,

B¢ J5 % [Fltheta, cost.
x: —JuEEHERE, B Population (4
y: BAn¥E, BN Profit %,
theta: HBIRIZHY;
m:  HHE A
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#encoding=utf8

import numpy as np
def computeCost(X, y, theta):
inner = np.power(((X * theta.T) - y), 2)

return np.sum(inner) / (2 * len(X))

def gradientDescent(X, y, theta, alpha, iters):
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temp = np.matrix(np.zeros(theta.shape))
10. parameters = int(theta.ravel().shape[1])

11. cost = np.zeros(iters)
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13. for i in range(iters):

14. error = (X * theta.T) -y

15.

16. for j in range(parameters):

17. #********* begin *********#
18.

19. #********* end *********#
20. theta = temp

21. cost[i] = computeCost(X, y, theta)
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23. return theta, cost
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ff sklearn HiEid LinearRegression 777ASZENZR AT,

LinearRegression JEHH fit sEUH T UIZAAL, fit pRECAH I FIERIA:

Horp, X KN [BEARSUE FFAEECR] 10 ndarray, FFIONZEEAR; Y EAN
A, K/ANA [FEARELE] 1Y ndarray, {FBONZRAEAR IRIAR 25 1E

LinearRegression ZKH ] predict BRECH T, & [EITMME, predict pRi%L
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Horr, X KA [ FEARECEFHESCE | B ndarray, AFBITIIAEAS .

1. #encoding=utf8

2. from sklearn.linear_model import LinearRegression
3. def 1lr(train_data,train_label,test_data):
4. e

5. input:train_data HRillZREE

6. train_label A RilllZRiIR%:

7. test_data Rl HdE

8. e

9. #********* Begin *********#

10.

11. fRkkkkkkkk Epd RRRRERRRkkg

12.  return predict
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#tencoding=utf8

import numpy as np

#sigmoid pA%N

def sigmoid(t):
5EAK sigmoid BRI
:param t: IC55RIIETET5 SRR
treturn: )5 HERE
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#********** Begin **********#
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#********** End **********#
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1. # -*- coding: utf-8 -*-

Po

3. import numpy as np

4. import warnings

5. warnings.filterwarnings("ignore")

6.

7. def gradient_descent(initial_theta,eta=0.05,n_iters=1000,epslion=1e-8):
8.

9. BT %

10. :param initial_theta: ZHWIUG{E, 254N float
11. tparam eta: Z>J%, FKAH float

12. :param n_iters: JIIZRECE, ALK int

13. :param epslion: ZEHRZEEM, HKALN float

14. treturn: YIZE1SEINSHL

15. e

16. # HERENSEIALS #

17. #********** Begin *********#

18.

19. #********** End **********#

3. fHH sklearn A4 HR RV SE, R T e 40 A A0 6 B RLEEAT I 45,
SR i %ot oA 01 P 9 200 L A AT
AR, HOpeE2 569 , Sl asEisWAE Y, BT
fEE—3t 30 A, HJBIEESEA radius  F48 NFOFILZE b A RIEE B
BIED ,  texture S OKJEEMAAAERZED %5, KBH: WDBC-Malignant
WA WDBC-Benign  RYE. FEIRER 80% 1E AL, HIEEM 20%
PERMALE, INZREEAMAER T # AR RAE RS WK
#£ sklearn ', f# ] LogisticRegression 77 ¥ 52 3 % #5 [A] 9 5 3% ,
LogisticRegression 143t b £ A =AM H IS8 LAk E
® solver: { ‘newton-cg’ ,” Ibfgs’ ,” liblinear’ ,” sag’ ,” saga’ } , 4
BN TURR AL S VL . BRIAH liblinear o
® C : IENMLRHMEIE, BIAKN 1.0, B/MUERIENL RS,
® max iter : B KIZRECEL, ERIAA 1000 AT sklearn H LAt /> 288 —FF,
LogisticRegression 21 fit eR#H TUIZREEAL, fit RECH A0 &=
BN
® X : K/NA [FEAREGEFHEHGE] M ndarray, fFRONIZFEA.



® Y : {EHNEM, KN [FEAKE] I ndarray, FFBOIZRFEAT) 52
Fr%% . LogisticRegression ZEH) predict PRECH T, & [B] M FR 2 ,
predict PRECH — M EHIA

® X : K/NAFEAR%E FHESE]N ndarray, fFBIRIMEEA.

LogisticRegression F{I{# RS F

1. logreg = LogisticRegression(C=100)
2. logreg.fit(train_data, train_label)
3. predict = logreg.predict(test_data)

HAdr, train data AYIZREIE, train label NIlZRFR%E, test data %L
5. predict AEAMMIZ 4 R .

7 begin-end [AJ#pFEAXHD, fHH] sklearn LI 4R [RIHH L. MEKUAH:
o2 VR SEBLE) 7 o0 e A B s 1EAT IR0, IEBR KT 0.95 WA AE K.

1. #encoding=utf8

2 from sklearn.linear_model import LogisticRegression
3.

4. def cancer_clf(train_data,train_label,test_data):
5.

6. train_data(ndarray) : il 55

7. train_label(ndarray) : Il Zi52%

8. test_data(ndarray):ces ¥

9.

10. PRERERIRRE Bagin FRHREKLKKY

11.

12. FRHRREFARKK End  FFFRKKAK S

13. return predict
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from sklearn.cluster import MiniBatchKMeans

from sklearn.cluster import KMeans

import numpy as np

= np.array([[1,2],[1,4],[1,8],
[4,2],[4,0],[4,4],
[4,5],[e,1],[2,2],

[3,2],[5,5],[1,-11])
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. n = int(input())
10. if n==
11. #MiniBatchKMeans it
12_ #********** Begin **********#
13.
14.
15. #********** End **********#
16.
17. else:
18. #KMeans Fi
19. #********** Begin **********#
20.
21. #********** End **********#
22.
23. #h BT SR8 PR ST [0, 0], [4, 4] IS5
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2. WEERSH. RERXSHAUEINT:

1. default_base = {'quantile': .3,

2. 'eps': .3,

3. ‘damping': .9,

4. 'preference': -200,

5. 'n_neighbors': 180,

6. 'n_clusters': 3}

7. datasets = [

8. (noisy_circles, {'damping': .77, 'preference': -240,
9. "quantile': .2, 'n_clusters': 2}),
10. (noisy_moons, {'damping': .75, ‘'preference': -220, 'n_clusters': 2}),
11. (varied, {'eps': .18, 'n_neighbors': 2}),

12. (aniso, {'eps': .15, 'n_neighbors': 2}),

13. (blobs, {}),

14. (no_structure, {})]

3. QRIS R & NMARET L. IR AT

1. kmeans = cluster.KMeans(n_clusters=params['n_clusters'])

2. two_means = cluster.MiniBatchKMeans(n_clusters=params['n_clusters'])

N RIS U R

for name, algorithm in clustering_algorithms:
t0 = time.time() #start time
algorithm.fit(X) #clustering

tl = time.time() #end time

vi A W N R

y_pred = algorithm.predict(X)
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